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Abstract. In this paper, we present a kinematic control and obstacle
avoidance for the soft inflatable manipulator which combines pressure
and tendons as an actuating mechanism. The position control and obstacle avoidance took inspiration from the phenomena of a magnetic field
in nature. The redundancy in the manipulator combined with a planar
mobile base is exploited to help the actuators stay under their maximum capability. The navigation algorithm is shown to outperform the
potential-field-based navigation in its ability to smoothly and reactively
avoid obstacles and reach the goal in simulation scenarios.
Keywords: Kinematic Control · Obstacle Avoidance · Soft Manipulator
· Bio-inspired Robot.
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Introduction

Soft robotics has been at the forefront of the robotics revolution in the last
decade. Robots with soft and flexible materials, often taking inspiration from
properties of biological organisms in nature, have been developed to handle tasks
previously untouched by the rigid robots counterparts. These include minimally
invasive surgery [7], whole-body grasping, and manoeuvring in tight space surrounded by cluttered environment [16]. The emergence of smart materials and
low-cost fabrication techniques have also led to various designs and actuating
mechanisms, which include pneumatically-actuated systems [8], tendon-driven
systems [15], or a combined antagonistically tendon-pressure actuation system
?
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[12]. Despite all of these promising developments, new challenges arise in the
field of robot modelling [17], control [14], and navigation [4], mainly due to
the non-linear behaviour of the flexible structure employed.
One of the emerging technologies in the field of soft robotics is the use of
an inflatable structure which enables the robot to grow over a wide range of
length [11]. This type of robot is useful not only due to the compliance of the
material employed but also due to its ability to grow from a tiny size to a very
long structure. Current applications include an antenna reconfiguration [5] and
systems that can be inserted through a narrow opening used in a laparoscopic
surgery [12]. The inflatability of the structure makes this type of robot a prime
candidate for further applications where cluttered environments are present, such
as the nuclear industry or a below-ground environment. However, research on
control and navigation of this type of robot is still in its infancy.
For soft robots in general, the majority of the navigation methods employed
in the literature rely on either an optimization technique [10], [13] or samplingbased planners [19], [21]. While practically useful even in complex environments, these types of methods rely on the availability of a complete or at least
near-complete knowledge of the environment. Recent effort which implemented a
neural dynamics approach [6] poses a similar complication, while another method
which used a supervised learning-by-demonstration [20] relies on human interventions for training. On the other hand, the use of reactive obstacle avoidance,
such as presented in [9], [3], is very susceptible to a local minima problem, a
scenario where the robot gets stuck in a configuration before reaching the target.
Besides, none of these works deals with the inflatability of the robotic structure
which is the main characteristics of the soft inflatable manipulator in this paper.
In this paper, we present a kinematic control and obstacle avoidance for
the soft inflatable manipulator based on the design presented in [18]. A beamtheory-based kinematic model based on the previous work in [18] is used. The
position control and obstacle avoidance are based on our previous work in [4]
where we applied reactive magnetic-field-inspired navigation to multi-segments
soft continuum manipulator. Our contribution is twofold:
1. we apply the magnetic-field-inspired navigation as a way to avoid unknown
obstacle reactively for the soft inflatable arm, and
2. we exploit the redundancy on the beam-theory kinematic model to help the
robot avoiding the actuators’ constraints when navigating the environment.

2
2.1

Kinematic Modelling
Design of the inflatable manipulator

The design of the soft inflatable robotic manipulator is based on the previous
works described in [18]. The manipulator consists of a hyperelastic latex bladder
whose endpoint is attached to an inextensible fabric. A hollow tube is connected
to the bladder as a means for air to be pumped in. The outer fabric is equipped
◦
with three channels where each channel is radially separated by 120 from the
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Fig. 1. The mechanical design of the soft inflatable manipulator.

Fig. 2. The manoeuvrability of the soft, inflatable manipulator.

other two channels. Three nylon tendons are guided along these channels and
fixed at the distal end of the manipulator. The mechanical design of the manipulator is illustrated in Fig. 1. Air can be pumped in through the hollow tube
into the bladder to change the state of the manipulator from a deflated state to
an inflated state. Since the outer fabric is unstretchable, the radial expansion of
the elastic bladder will be constrained up to the cross-sectional area of the outer
fabric. This constraint forces the bladder to expand only in the direction of the
robot’s longitudinal axis, i.e. causing the robot structure to elongate. Once fully
inflated, further variations of the air pressure inside the bladder will result in
variations of the manipulator’s structural stiffness.
Besides the air pressure inside the bladder, length variations of the three
tendons will also affect the manipulator’s shape. These enable the manipulator to
perform not only elongation but also bending in a 3-dimensional environment as
shown in Fig. 2. Any difference in the tendons’ length will lead to a 3-dimensional
bending. The overall combination of the tendons’ length and the air pressure
will move the manipulator’s tip to a particular position. A stepper motor is
connected to each tendon via a linear actuator used to control the tension of the
tendons. A linear pressure regulator is used for regulating the pressure from an
air compressor to manipulate the air pressure inside the latex bladder.
2.2

Beam kinematic model

As can be observed in Fig. 2, the segment of the manipulator can be modeled
as a circular arc with a constant curvature. Hence, the shape of the segment can
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T
be parameterized by a set of configuration space variables k = κ φ l which
represent a curvature κ, a rotational deflection angle φ, and a segment length l.

T
The actuator space variables qA = f1 f2 f3 p consist of an air pressure p and
force fi of tendon-i. The workspace variable x ∈ R3 stands for the tip position.
The kinematic model maps the actuator space variables qA to the configuration
space variables k = h(qA ) and finally to the workspace variables x = g(k).
The kinematic model of the inflatable arm is based on the Euler-Bernoulli
beam theory as has been described in [18]. As shown in Fig. 1b, the tension fi
of each tendon produces a bending moment M given by
M=

3
X

ri × Fi .

(1)

i=1

ri stands for the vector position of tendon-i with respect to the manipulator’s
T

2π
central axis. From Fig. 1b, it can be expressed as ri = r cos ( 2π
3 i) r sin ( 3 i) 0 ,
where r stands for the cross-sectional radius. Fi stands for the tension vector of

T
tendon-i and is defined as Fi = 0 0 fi . The magnitude of the bending moment
is proportional to the curvature κ of the manipulator segment as follows
κ=

|M|
,
EI

(2)

where E stands for the Young modulus of the material while I stands for the
cross-sectional moment of inertia which is defined as I = π2 r4 for a circular
cross section with radius r. The bending moment M also produces a rotational
deflection angle φ. We can derive the value of φ as follows
φ = arctan2 (−Mx , My ).

(3)

The tension on the tendons and the pressure of the elastic bladder will contribute
to the increase of length l. The total force acting on the manipulator is given by
Ftot = (p − p0 )A −

3
X

fi ,

(4)

i=1

where A = πr2 stands for the cross-sectional area of the manipulator and p0
stands for the initial pressure. The increase in the manipulator’s length is
∆l = l − l0 =

Ftot
l0 ,
EA

(5)

where l0 stands for the initial length.
Eq. (1)-(5) map the actuator space variables qA to the configuration variables k. To get the workspace variables x, we use the geometrical property of
a circular arc. The homogeneous transformation matrix describing the tip pose
of the manipulator with respect to the base, T(k) ∈ SE(3), is described in [17].
The tip position x ∈ R3 can be expressed as

T
x = κ1 cos φ(1 − cos κl) κ1 sin φ(1 − cos κl) κ1 sin κl .
(6)
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Fig. 3. (a) The tip of the manipulator moves with velocity v and located at rg from
the goal. rref is a static reference vector. (b) The tip of the manipulator generates an
artificial current lo on the obstacle surface.

In this paper, we assume that the soft inflatable manipulator is put on top of a
mobile platform which is able to move translationally in a planar environment. In
this case, the pose of the tip with respect to a static world frame W is described
as W T(q) = TB (qB )T(qA ), where TB ∈ SE(3) stands for a homogeneous
transformation matrix of the frame attached to the base with 2 translational
degrees of freedom and qB ∈ R2 stands for the position of the base. Hence,

T
the overall actuator space variables are described by q = qB qA . From the
kinematic model, we can also derive the Jacobian matrix defined as J(q) ∈
∂x
R3×6 = ∂q
using a numerical computation as described in [4].

3
3.1

Tip Navigation and Obstacle Avoidance
Go-to-goal Navigation

The geometric control approach, as presented in [4], is used to navigate the tip
of the arm towards the desired position. This approach is chosen since it can
maintain the manipulator’s tip to move at an almost constant speed during the
movement. By setting the speed to be small, we can ensure that the motion of
the manipulator is slow enough such that its dynamics can be neglected.
Suppose that the manipulator’s tip moves with velocity v as illustrated in
Fig. 3a. We can express the direction of velocity vector v as a rotation matrix
1
with respect to a static unit reference vector rref as Rv = I + ω̂v + ω̂v2 1+cos
φ.
v
v
Here, ωv = r̂ref |v|
, cos φ = rTref |v|
, while l̂ is defined as a skew-symmetric matrix
of a vector l as follows


0 −lz ly
l̂ =  lz 0 −lx  .
(7)
−ly lx 0

I ∈ R3×3 is an 3 × 3 identity matrix. We can use the same procedure for vector
rg = xg − x to get the direction of the goal Rg with respect to frame rref .
The aim is to rotate the direction of the manipulator’s tip from arbitrary
orientation Rv to the goal orientation Rg . The control law is described as follows
ω̂g = −Kω log(Re ),

(8)
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where Re stands for an error matrix and is defined as Re = RTg Rv . Here,
Kω ≥ 0 is a constant while the operator log(R) for any R ∈ SO(3) is defined as
tr(R)−1
β
T
log(R) = 2 sin
). The angular speed ωg ∈ R3
β (R−R ) where β = arccos(
2
expressed in the goal frame Rg can be retrieved from ω̂g in (8) by exploiting
the skew-symmetric matrix definition in (7). To get the angular speed ωref in
the static frame rref , a matrix transformation is used as follows ωref = Rg ωg .
Lastly, the force needed to generate this required angular speed is given by
Fgc = ω̂ref v.

(9)

To generate the initial movement, an additional controller is used as follows
Fv = −Kv (v − vd )d,

(10)

in which Kv > 0 represents a positive constant, v(
d denotes the desired speed of
rg
if |v| = 0
. Similarly, in
the manipulator’s tip, while d is defined as d = v|rg |
if |v| > 0
v
order to force the manipulator’s tip to asymptotically stop at the goal position,
a proportional-derivative controller Fpd is employed when the robot is located
at a distance smaller than a limit distance rgl to the goal. Finally, the overall
control signal to govern the tip’s movement to the goal is described as follows
(
Fgc + Fv if |rg | ≥ rgl
Ftg =
.
(11)
Fpd
if |rg | < rgl
3.2

Magnetic-field-inspired Obstacle Avoidance

To achieve obstacle avoidance, the magnetic-field-inspired obstacle avoidance
based on the previous works described in [1], [2], [4], is employed. The obstacle
avoidance algorithm is inspired by a phenomenon observed when a charged particle moves close to a current-carrying wire. A moving robot (in this case the tip
of a soft inflatable manipulator) will induce an artificial current on the closest
obstacle surface. The artificial current, in parallel to the real electric current in
a wire, produces a magnetic field which affects the movement of the robot in
such a way that the robot will avoid collision with the obstacle.
The tip induces an electric current lo on the closest obstacle described by
lo = la −

(lTa ro )ro
.
|ro |2

(12)

Here, la and ro denote a unit vector of the tip’s movement direction and the
closest obstacle position with respect to the robot’s tip, respectively. From the
geometrical perspective, eq. (12) defines the artificial current lo as a projection
of the tip’s velocity direction la on to the obstacle surface as illustrated in Fig.
3b. To avoid collisions, the manipulator’s tip needs to follow the direction of
artificial current lo . To ensure this behaviour, the vector field Fo is defined as
Fo = c la × (lo × la ) f (ro , v),

(13)
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Fig. 4. (a) The base (blue dot) will be forced to move to a target position (green dot)
located at a distance l0 from the projection (orange dot) of the goal position (red dot).
(b) The length of the manipulator will be forced to reach a target length lT , i.e. the
curve length from the target base position (green dot) to the goal position (red dot).

where c > 0 denotes a constant, f (ro , v) ≥ 0 denotes a positive scalar function,
and v denotes the speed of the manipulator’s tip. To ensure collision avoidance
with the obstacle surface, we set the scalar function f (ro , v) to be proportional
to the speed of the manipulator’s tip v and inversely proportional to the distance
towards the obstacle surface ro once the distance between the tip(and the closest
v
if ro < rl
obstacle is smaller than a limit distance rl as follows f (ro , v) = ro
.
0
if ro ≥ rl
3.3

Implementation Strategy

It is not possible to directly apply the proposed vector field to the model of the
manipulator described in Section 2.2 since it describes only the kinematics, not
dynamics of the system. To apply the proposed vector field to the kinematic
model without losing its properties, the force Ft is numerically integrated to
generate a task-space velocity ẋ as follows ẋ(t + ∆t) = ẋ(t) + Ft (t)∆t, where ∆t
stands for a time-integration constant.
For the case of a mobile base, we have a redundant system where J(q) ∈ R3×6 .
This redundancy can be exploited to ensure that the manipulator’s tip can reach
the desired target and, at the same time, the manipulator’s actuators stay inside
their actuating capability. The actuator space velocity q̇ is given by [4]
q̇ = J+ ẋ + λ(I − J+ J)z,

(14)

where λ stands for a positive constant, + stands for a pseudo-inverse operation
described by J+ = JT (JJT )−1 , and I ∈ R6×6 is an identity matrix. The vector
z ∈ R6 stands for an arbitrary vector which will be chosen to ensure an actuator
constraint avoidance. Each actuator has a target value to be achieved.
For the base, the target position is given by
xBT = l0

ζ(rbg )
+ ζ(xg ),
|ζ(rbg )|

(15)

where l0 stands for an initial relaxed length of the manipulator, rbg = xb − xg
stands for a relative position between the base position xb and the goal position

8

A. Ataka et al.
Table 1. A list of parameters.
Parameter
r
l0
c
KP z
rgl

Value
0.015 m
0.09 m
1.5
6
0.05 m

Parameter
E
Kω
∆t
KDz
fmin

Value
60000 Pa
10
0.02 m
1
0N

Parameter
p0
Kv
vd
λ
fmax

Value
100000 Pa
50
0.025 m/s
1
5N

xg , while ζ(x) is an operation which returns a planar version of a vector x. This
base target position will help the pressure avoiding its actuating constraint since
it will bring the mobile base closer to the goal position. More specifically, eq.
(15) tries to keep the base located at a planar distance which is equal to the
normal length l0 from the goal position as illustrated in Fig. 4a.
For the tendons, the target value is its mid-value fT between its minimum
fmin and maximum tensions fmax . For the pressure, the target value is
3
P

pT = p0 +

fi

i=1

A

+

lT − l0
E.
l0

(16)

Slotting (16) into (4)-(5), we can see that this target pressure will force the
manipulator’s length l to be lT . Here, we choose this target length lT as follows
(
2
d|
arcsin (κ|r
2 ) if κ 6= 0 ,
lT = κ
(17)
|rd |
if κ = 0
where rd = rg − xBT . This target length lT is the length of a circular arc which
spans from the target base position xBT to the goal position rg . Hence, this will
make the manipulator easier to achieve the target base position xBT while at
the same time allowing the tip to reach the goal as illustrated in Fig. 4b.
Finally, to achieve these targets, the rate of vector z is defined as
ż = (−KP z (q − qT ) − KDz q̇),

(18)

where KP z and KDz stand for positive constants while the target vector qT is

T
defined as qT = xBT fT I3 pT . Here, I3 ∈ R3 stands for an identity vector.
Finally, vector z is given by z(t + ∆t) = q̇(t) + ż∆t.

4

Results and Analysis

In this section, the performance of the proposed algorithm is evaluated in the
simulation scenario. The parameters used for the manipulator’s modelling and
the navigation algorithm are presented in Table 1. In this paper, we consider only
static obstacles in the environment whose shape and position are unknown to the
manipulator before the movement execution. We assume that the manipulator
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(a)

(b)
Fig. 5. The soft inflatable arm with a mobile base navigates an environment consisting
of a planar obstacles with (a) an electric-field-potential algorithm and (b) a magneticfield-inspired algorithm. The order of movement is from left to right.

is equipped with a sensor which is able to detect the surrounding obstacles as far
as a distance rl = 0.04 m. In some of the scenarios, we compare the performance
of the algorithm with the electric-field-based navigation as described in [3].
The first environment consists of a single planar obstacle (drawn in black)
where the manipulator’s tip needs to reach the desired position (shown as a red
dot) across the obstacle as shown in Fig. 5. We compare the performance of
the electric-field-potential algorithm (Fig. 5a) with the proposed magnetic-fieldinspired algorithm (Fig. 5b) when applied to the model of the soft inflatable
manipulator. We can see how the electric-field-potential algorithm fails to guide
the tip of the manipulator to reach the target in Fig. 5a. This is due to the
repulsive nature of the potential field involved which cancels the attraction towards the goal. The magnetic-field-inspired algorithm, on the other hand, does
not encounter the same problem since the vector field employed is not repulsive.
The second scenario is where the environment is more complicated as it
consists of many planar and spherical obstacles as shown in Fig. 6. Once again, we
compare the performance of the electric-field-potential algorithm (Fig. 6a) and
the magnetic-field-inspired algorithm (Fig. 6b) when applied to the kinematic
model of the soft inflatable manipulator. In this scenario, we can see that when
using the electric-field-potential, the robot does not get stuck as is the case in the
previous environment. However, we can observe how the motion is less smooth
compared to the motion when using the magnetic-field-inspired algorithm in Fig.
6b. This occurs especially in the final stage of the motion where we can observe
that the obstacle causes more bending of the robot body in Fig. 6a compared to
the robot in Fig. 6b whose shape does not get affected as much. This less smooth
motion is caused by the repulsiveness of the vector field employed in Fig. 6a.
In the last scenario, the environment consists of more obstacles and the manipulator is expected to move in succession to several target points. This scenario
mimics the situation when the manipulator needs to bring a sensor such as a cam-
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(a)

(b)
Fig. 6. The soft inflatable arm with a mobile base navigates an environment consisting
of multiple obstacles viewed from two different perspectives in the left and the right.
(a) The performance of an electric-field-potential algorithm and (b) a magnetic-fieldinspired algorithm are shown. The step-by-step configuration starts from left to right
in the left pictures and vice versa in the right pictures.

era to inspect several locations in an unknown cluttered environment. In Fig. 7,
we only show the manipulator’s movement when using the proposed magneticfield-inspired navigation. To better visualise the manipulator’s movement, we
show the step-by-step motions in each figure from two different perspectives
shown in Fig. 7a and Fig. 7b. In each figure, we can observe how magnetic-fieldinspired navigation is able to smoothly navigate the manipulator towards each
of the target locations without colliding with multiple obstacles.
In all the scenarios presented from Fig. 5-Fig. 7, we can observe that the
overall length of the manipulator does not vary too much during the course of
the movement. This is a direct effect of the redundancy mechanism described
in Section 3.3 which exploits the redundancy of the manipulator to avoid the
actuating constraints when navigating towards the goal.

5

Conclusions and Future Works

In this paper, we have implemented magnetic-field-inspired navigation to guide
the soft inflatable manipulator towards a target position while reactively avoiding
collision with the environment. The beam-theory-based model is used to model
the behaviour of the manipulator which uses a combined antagonistically tendon
and pressure actuation. The redundancy in the manipulator combined with a
planar mobile base is exploited to help the actuators stay under their maximum
capability without affecting the manipulator’s movement while navigating the
environment. The navigation algorithm is shown to outperform the potentialfield-based navigation in its ability to smoothly and reactively avoid obstacles
and reach the goal in simulation scenarios. Applying the algorithm to the real soft
inflatable manipulator in a real-life environment while considering the dynamics
of the system will be the focus of the future works.
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(a)

(b)
Fig. 7. The soft inflatable arm moves to several target points in succession in a cluttered
environment viewed from two different perspectives in (a) and (b) using the magneticfield-inspired navigation.
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